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1 Introduction

Self-disclosure (the sharing of one’s thoughts, feelings, and opinions [2]) is often recommended by mental health experts
as it can provide emotional relief, facilitate self-reflection, and encourage social support and bonding [9]. Despite these
benefits, we may often prove reluctant to disclose due to perceived risks, such as fear of being judged or stereotyped,
or concern that the recipient will not be sufficiently supportive [31]. This reluctance highlights the decision-making
processes we follow in determining what to share, with whom to share it, and whether a given context is considered
appropriate for sharing.

Calling upon Social Penetration Theory, self-disclosure decisions are commonly described using a risk-reward
calculus [1]. For example, we may perceive lower risk when disclosing within established relationships where trust
has developed over time, whereas we may perceive greater risk in disclosing to work colleagues if doing so disrupts
social norms. Beyond this (perhaps more reflective) risk-reward calculus, self-disclosure has also been attributed to
impulsiveness-based decision criteria [22]. Within Human-Computer Interaction (HCI) this has led to exploration of
heuristics (i.e., ‘rule of thumb’ cognitive shortcuts), especially within contexts of sharing information online [12, 29]. For
example, John et al. [12] found that visual cues on websites affected disclosure. Participants disclosed more incriminating
behaviours when a survey used a playful heading (“How BAD Are U???”) alongside a cartoon devil than when the survey
appeared to be associated with Carnegie Mellon University, suggesting the influence of authority bias.

Conversational AI systems are a particularly salient form of digitally mediated disclosure contexts. As more people
turn to chatbots (such as ChatGPT) for emotional support and help-seeking [6, 14], the factors that affect self-disclosure
decisions (especially sensitive health and well-being disclosure) are increasingly pertinent. The same calculus and
heuristics described above have also been observed within human–chatbot interactions. For instance, our decisions
about whether to self-disclose could be influenced by: whether we are talking to a human or chatbot (with a “machine

heuristic” leading people to disclose more to chatbots) [28]; the conversational style of a chatbot [7]; and the memory
capabilities of chatbots, including whether and how prior disclosures are retained and referenced across sessions [4, 5].

Related to this last factor, persistent cross-session memory is emerging as a dominant design paradigm in commercial
conversational AI systems, with companies such as OpenAI and Google introducing memory features into their
consumer-facing conversational AI platforms. Work has shown that conversational memory can help develop feelings
of closeness and foster trust in human–AI relationships [5, 11]. However, work has also found that chatbot memory
may also make people feel judged when disclosing emotional concerns [4] or raise privacy concerns when disclosing
health behaviours [5, 11]. In light of these alternative paradigms — persistent versus ephemeral memory — we
consider how memory configuration and its framing to users may affect disclosure decisions. Specifically, we discuss
how ephemerality cues may be designed and framed to activate or mitigate cognitive heuristics that shape comfort,
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perceived risk, and self-disclosure in health and well-being contexts. By conceptualising conversational memory as
a factor that amplifies or mitigates cognitive biases, we aim to inform bias-aware design strategies for emotionally
sensitive human–AI interactions.

2 Persistent Memory and Self-Disclosure

First, we discuss the emerging paradigm of chatbots with memory between sessions, and its potential impact on
self-disclosure decisions. Here, a persistent chatbot refers to a system with cross-session memory that retains and
references prior interactions, and is framed to users as a continuous conversational entity across repeated encounters.

Although often not explored as a comparison of persistent versus ephemeral chatbots, prior work has explored the
formation of human–chatbot relationships over longitudinal interactions. For example (while participants criticised
“Replika’s poor memory or communication skills” [26]) Skjuve et al. investigated longitudinal human–chabot relationship
development in two studies [26, 27]. Here, both studies found that people can develop a sense of closeness and intimacy
with chatbots over time, and that (similarly to human–human relationships [1]) self-disclosure can help human–chatbot
relationships develop. However, longitudinal relationship development is not guaranteed. In a pre-LLM chatbot study,
Croes and Antheunis [8] found that feelings of closeness decreased over time, which participants attributed to repetitive
interactions and diminishing novelty. This suggests that repeated interactions with the same chatbot do not necessarily
lead to closeness, particularly when conversational continuity is limited.

Empirical studies of chatbots with cross-session memory suggest a trade-off: retaining prior interactions can increase
perceived intelligence, support accountability in behaviour change contexts [5], and foster familiarity and sharing [11],
while also raising privacy concerns among users [5, 11]. Cox et al. have explored user perceptions in explicit comparisons
of persistent versus ephemeral chatbots [4, 5]. Here, they found that if the development of a human–chatbot relationship
does not follow socially expected progress it can lead to expectancy violations. In particular, when a chatbot was framed
as a persistent “companion”, participants reported lower comfort with disclosure when emotionally sensitive questions
were asked during the initial interaction [4]. This early elicitation of emotional disclosure was perceived as premature,
and inconsistent with socially expected patterns of relationship development, where disclosure typically progresses
from superficial to more personal topics over time, as described by Social Penetration Theory [1]. However, when the
first interaction focused on more factual or impersonal questions, followed by emotionally oriented questions in a
subsequent session, participants reported greater comfort, enjoyment, and willingness to continue interacting with the
chatbot. In this case, the perceived discrepancy between persistent and ephemeral chatbots diminished, suggesting that
adherence to expected patterns of relational progression may play an important role in shaping disclosure comfort
in persistent conversational systems. These findings suggest that persistent memory may activate relational scripts
and expectancy-based heuristics, where users anticipate a gradual progression of disclosure, and deviations from these
expectations can reduce comfort and willingness to share.

It should be noted, however, that these studies (i.e., [4, 5]) primarily examined perceived comfort and privacy concerns
related to self-disclosure, alongside social qualities of the chatbot, rather than directly measuring the breadth or depth
of participants’ self-disclosure, as has been done in other conversational disclosure research [7, 10]. This highlights an
important area for future work in understanding how persistent memory influences not only perceptions of disclosure
comfort, but disclosure behaviour itself. Notably, participants interacting with ephemeral chatbots in Cox et al. [4] also
qualitatively described feeling less judged when sharing emotional concerns, suggesting that persistent memory may
introduce additional perceived evaluative pressure during disclosure.
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More broadly, these findings suggest that persistent memory may alter disclosure decisions by creating a sense of
conversational continuity, which can increase both relational attachment and sensitivity to how one’s disclosures are
remembered and referenced over time.

3 Ephemeral Memory and Self-Disclosure

In contrast to persistent chatbots, we now consider chatbots with ephemeral memory, and how the absence of cross-
session retention may influence self-disclosure decisions. Here, an ephemeral chatbot refers to a system in which
conversational content is not retained across sessions, and interactions are framed as discrete, moment-bound exchanges
rather than part of an ongoing conversational history.

Complementing the findings described in the previous section, Cox et al. also observed distinct disclosure experiences
when chatbots were framed as ephemeral rather than persistent [4]. Participants frequently described ephemeral
chatbots using metaphors such as diary-keeping or journaling, suggesting that interactions were perceived as more
private and reflective. In this framing, participants also reported feeling less judged by the chatbot, feelings of anonymity,
and greater comfort when emotionally sensitive questions were asked during the initial interaction. These findings
indicate that ephemerality may reduce perceived evaluative pressure and enable earlier or more exploratory forms of
emotional disclosure. Similar effects have been observed in other disclosure contexts. For example, Park et al. found that
when disclosing traumatic experiences, people felt less writing difficulty and there was greater emotional disclosure
when there was not a responsive follow-up based on user input [23].

Although chatbots explicitly framed as ephemeral have been less widely explored, prior work on ephemeral social
media sharing (e.g., Instagram Stories and Snapchat) has found that ephemerality lowers inhibition in sharing, as
people feel less pressure to maintain a consistent self-presentation and greater freedom to share more authentic
experiences [3, 33]. Feelings of anonymity and lessened self-awareness can encourage self-disclosure [13], and feelings
of anonymity on social media have also been found to affect what we share, with Ma et al. finding that people share
more negative-valence experiences, such as bad experiences in romantic relationships [17].

Ephemeral memory therefore appears to shift disclosure towards more exploratory and less self-curated expression
by reducing perceived audience persistence and evaluative pressure, enabling users to engage in disclosure with less
concern for long-term interpretation or identity consistency.

4 Memory as a Design Continuum

Taking both our prior discussions of persistence and ephemerality together, conversational memory can be understood
as a design space spanning a continuum between persistent and ephemeral interaction. That is to say, rather than
holding a strict binary view of persistent or ephemeral interactions, conversational memory can be designed along a
continuum. Systems may selectively retain, abstract, omit, or visually represent conversational history in ways that
influence feelings of continuity and comfort in self-disclosing.

Selective and User-Controlled Memory: Along this continuum, users could be given greater control over which con-
versational information is retained. For example, users could selectively save specific disclosures for future reference
while allowing other interactions to remain ephemeral, or configure systems to avoid retaining sensitive topics such as
emotional or health-related concerns. Such selective retention may increase users’ sense of agency and predictability,
reducing uncertainty about how disclosures will be remembered and used. This approach may be particularly relevant
in contexts such as LLM-driven journaling and reflective writing [15, 20], where users may benefit from preserving
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insights over time while maintaining privacy over more exploratory thoughts. More broadly, prior work in HCI has
shown that providing users with control over data retention and visibility can reduce privacy concerns and increase
comfort with interactive systems [16, 24, 30]. However, there is potential for interactions to feel less ‘organic’ if user
choice of memories is seen an mechanistic.

Memory of Conversation Timing, but Not Content: A sense of continuity could be preserved by remembering when
interactions occurred, without retaining the content of the conversations themselves. For example, in a conversational
system designed for people disclosing emotional challenges, users may prefer that conversational content remains
ephemeral. By keeping a log of when users complete conversations (such as in a calendar view) a sense of progress and
commitment can be maintained while still allowing chatbot interactions to remain ephemeral.

Models of Memory and Decay: Chatbot memory could follow different models of memory in contrast to a persistent
memory where all conversations are retained. This could take influence from prior discussions within social media
literature regarding whether our personal data should “decay” over time [18, 32], as well as literature describing
“human-like” models of forgetting [19]. Visual cues can also be manipulated to represent decay. For example, recent
work has explored how the ephemerality of disclosures can be represented via animated visual cues, such as messages
fading gradually over time [34], or being visually ‘torn’ up on screen [21].

5 Implications for Trust, Disclosure, and Bias-Aware Memory Design

The examples in § 4 highlight that conversational agents (CAs) have the affordance to ‘shift’ between persistent and
ephemeral forms of interaction. For example, a CA could have an ‘off-the-record’ conversation with users, where the
same established persistent personality and references to prior conversations is used, but the ultimate contents of the
conversation is not retained.

Additionally, we highlight that users’ loss aversion can be influenced by how ephemerality is framed. Specifically,
whether the absence of memory is presented as a user benefit or as a loss of chatbot capability may shape user
perceptions and behaviour. For instance, when ephemerality was framed as beneficial, users reported feeling more
comfortable and less judged when discussing emotional concerns [4]. In contrast, when no benefits or rationale were
provided, users perceived an ephemeral chatbot as less intelligent and capable [5].

Conversational memory also influences what users attend to and reflect upon during interaction. Persistent con-
versational histories may reinforce prior disclosures by making them visible and accessible, potentially encouraging
reflection, accountability, or behaviour change. Conversely, ephemeral interactions may reduce users’ attention to
past disclosures, enabling more exploratory and less constrained forms of expression. Prior work in cognitive bias
modification has demonstrated that directing attention toward or away from certain cues can influence behaviour and
self-perception [25].

Finally, ephemeral memory may increase users’ comfort with disclosure by reducing perceived persistence, yet
conversational data may still be processed or retained in ways not visible to users. If systems create a perception of
ephemerality without clearly communicating actual data practices, users may disclose sensitive information under
assumptions that do not reflect system behaviour. Such mismatches between perceived and actual memory introduce
risks of dark patterns, underscoring the importance of transparent memory design that supports informed trust and
disclosure decisions.
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